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Phase transition, 254
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Satisfiable, 25
Scatterplot diagram, 177
Science fiction, 11
Score, 146, 157, 223, 242, 266
Search

algorithm, 94
complete, 95
optimal, 96

bidirectional, 110
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Semi-supervised learning, 236
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Simulated annealing, 256
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Solution, 95
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transition function, 292
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SVM. See Support vector machine
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Theorem, 134, 169
Theorem prover, 8, 50
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True, 42
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Unification, 52
Unifier, 53

most general, 53
Uniform cost search, 99
Unit
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